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Artificial intelligence (Al) and digital technologies are reshaping how tourism

Revised: services are organized and experienced. However, much of the existing scholarship
May 22th,2026 documents post-adoption outcomes without explaining the organizational

mechanisms through which Al generates value or how those changes are interpreted
Accepted: by tourists themselves. This study aims to address that gap. It pursues two objectives:

August 26th,2026 first, to examine how Al adoption drives organizational transformation and business

model innovation in tourism firms; and second, to analyze how these internal changes

shape the tourist experience along the dimensions of service efficiency,

DO: personalization, and engagement.

10.65205/jmsr.2026.286715 The study adopts a qualitative research approach combining document
analysis and reflexive thematic analysis. Forty-seven publicly available documents
(industry reports, government policy papers, and media articles published between
2020 and 2025) were analyzed, supplemented by eighteen semi-structured interviews
conducted with three stakeholder groups: eight tourists, six tourism managers, and four
technology providers. Participants were recruited through purposive sampling, and
interview transcripts were coded thematically. Trustworthiness was established through
data triangulation, member checking, and an audit trail.

Three findings emerged. First, Al adoption is associated with reorganization of

workflows and cross-departmental coordination rather than mere task automation.
Second, firms are migrating from product-centric to platform-based and data-driven
business models that enable real-time service personalization. Third, these internal
changes translate into a tourist experience characterized by faster service delivery,
individually tailored recommendations, and a more participatory role for tourists in
co-creating their journeys.
The study contributes to service-dominant logic and experience economy theory by
showing how Al mediates value co-creation between firms and tourists. Practically,
it offers tourism managers a framework for aligning Al investment with organizational

redesign and customer-experience strategy.

Keywords: Artificial Intelligence; Digital Transformation; Tourism Industry;

Organizational Transformation; Business Model Innovation; Tourist Experience

1¥234 Innovation College, North Chiang Mai University, Chiang Mai 50230, Thailand
" Corresponding author and email: 13770046005@163.com

'
a

213615398 ININTINNT UM INENEB1VAYF3UNS UM 10 aUun 3 Auereu - Sudnax 2569 1]12



Ty Journal of Management Science Research, Surindra Rajabhat University,
Ot Vol.10 No.3 September - December 2026

unAnga

JayyUsedvg (A) wazimaluladddnamdsdunumdrdglunsusuvasusduuunisdanisuazly
gRamnssuMsvieaiien eglsfinnu swideidegdwingsjuiunsinyinadnsniendeninin Al inld Tagdan
nsesuenalnidsesdnsiivillil Al adrayann fugsia mafinndBedfmquarasd (1) wefnwiunuimvssmsthal
ultlunistuindsunisiasuulasesdnsuasuianssuguuuugsivesgsAanisvioniionay (2) ez
nansznuvesnsasunlasnelussdnsfifiieyszaunisalvestvionfienlusuvesssansnmmsliuinisns
TrusnmsameyanauasMsldusmesinvoudion

n9ie il e touisidodnunm Tasaunisiinsgiionans uasmslinmeiuiuamszuuuaioudn
Toyausznoumelenansasisuriietesdnnu 47 adu len siesueaamnss lonasulovienialy uay
unemandemtaruiimeunslutasd af. 2020-2025 uonani SsidunsduavainuuAdassadeiudiida
Iedauidediuan 18 au Uszneushetinvieailen 8 au fiansgshavieaiion 6 au wazgliusnamelulad 4 au
IngldnsAndennduiegisuuuianzas degannnsdunivalldsunisimssivazidnsianuyssiiudAyds
o mmnindefiovesamsideldsunsBusuiiunisnnaseudeyauuuand mansndeulnedlideya uay
Msdnvisessesnsive

HansItenuUsTIAUdATY 3 Usens leun Yseniswsn nsia Alanlddanuduiusdunisusulaseasng
nszUUMINULarMIUTEauusEimhsnunmelussdnsinnninsldszuudaluiRfenaunuanuiies
ogIfien Usznisiiaes esdnsgsiansvieaiivaidadsuriiuansuuuugsiafidatiundndug luggunuugsiai
Tuiadoussunanrlefuuasdoya dudoliAnnsliuinmaamsyanauuuidoaln Ussmsfian nsdsuutas
meluasAnsfinandmadeUszaunisalvesinvioniion Tasagiousunsléfuuinisiinmitu duushi
aonAdasiuaTFBIsiamEyAaNINTY warunufud uresinrenfisrlunisiidiusiuaisnmevos
Usgaun1sninIsiaumng

mﬁﬁﬂmﬁﬁﬁaumEJGUmaaaﬁmmiﬂmaiﬁLLuaﬁﬂm5iﬂzL%w%milﬂug’muawqwﬁLﬁwgﬁwizaumsaj lng
%TﬁLﬁud’lﬂzyigwﬂizﬁwﬁﬁwﬁﬂﬁLﬂuﬂalﬂﬁﬁzyslumil,gaé’maﬂﬁzmuﬂ’ﬁiaua'ﬁ?wqmm JENINDIANTTINALAY
tnvieafion ludsuflR nansideiiauenssutmedmivfuimsgsiansvieadisdlunisysannsnisamu
sy Al lFaenndestunisesnuuuesdnslvsitaznagnsnsainauszaunsaignii eieuainsanuannsalunis
wistulugARvvia

[J a o

adndiny: Teyeyrsedug; nswdeunugiavia; anavnssunisvieaiies; msiasundasesns; winnssuguuuy

o

fA
§319; Uszaunisaltnviesiien

Introduction

The tourism industry is undergoing a profound digital transformation driven by the integration of
artificial intelligence (Al) into operations, marketing, and customer-facing services. Recommendation engines,
virtual reality applications, conversational agents, and data-driven platforms are no longer experimental
add-ons; they are becoming infrastructural to how tourism firms deliver value (Tussyadiah, 2020; Huang &
Rust, 2018). For an industry whose competitiveness depends on responsiveness, personalization, and the
quality of the tourist experience, the stakes of digital transformation are unusually high: Al affects not only
back-office efficiency but also the affective and relational core of what tourists actually consume.
Beyond operational efficiency, digital transformation reconfigures how tourism enterprises create and
capture value. Platform-based intermediation, dynamic pricing, and real-time service customization are

altering competitive boundaries between traditional operators, online travel agencies, and technology
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providers (Buhalis & Leung, 2018; Verhoef et al., 2021). At the same time, tourists are no longer passive
recipients of pre-packaged experiences; they increasingly participate in shaping their journeys through
interaction with intelligent systems (Neuhofer et al., 2015; Font et al., 2021). Understanding how Al mediates
this shift, therefore, matters both for managers seeking to capture value from technology investments and
for tourists whose experiences are being algorithmically curated.

Two theoretical perspectives anchor the present study. Service-dominant (S-D) logic reframes value
as co-created through resource integration between providers and beneficiaries rather than embedded in a
finished product (Vargo & Lusch, 2016). Experience economy theory positions the staged, memorable
experience itself as the unit of economic exchange (Font et al., 2021). Together they suggest that Al is not
merely a productivity tool but an operant resource that enables firms and tourists to integrate data,
attention, and affect into co-created experiences. The framework guides the analytical lens used in this
study and informs how we interpret organizational and experiential change.

Notwithstanding a growing literature, three gaps remain. First, most empirical work documents
downstream outcomes of Al (performance gains, satisfaction improvements) but provides limited insight
into the intra-organizational mechanisms workflow redesign, cross-functional coordination, capability
building through which those outcomes are produced (Bharadwaj et al., 2013; Foss & Saebi, 2017). Second,
organizational transformation and business model innovation are typically theorized in separate streams,
even though in tourism practice they are tightly coupled (Chesbrough, 2010; Sigala, 2018). Third, the tourist’s
own interpretive account of how Al-mediated services are experienced remains under-represented, with
most studies relying on survey instruments designed around predefined constructs (lvanov & Webster, 2017;
Gursoy et al., 2019). A qualitative approach is therefore warranted to surface the meanings and contextual
conditions that quantitative designs cannot easily capture (Braun & Clarke, 2006; Creswell & Poth, 2018).

Building on these gaps, the present study examines how Al adoption drives organizational
transformation and business model innovation in tourism firms, and how those internal changes are
reflected in the tourist experience. By integrating documentary evidence with multi-stakeholder interviews
and interpreting findings through S-D logic and experience-economy lenses, the study aims to contribute a

mechanism-level account of Al-enabled value creation in tourism.

Research Questions

Two research questions guide this study:

1. How does artificial intelligence adoption drive organizational transformation and business model
innovation in tourism firms?

2. How do organizational transformation and business model innovation shape and enhance the

tourist experience along the dimensions of service efficiency, personalization, and engagement?

Research Objectives

The study pursues two objectives that align with the research questions and the article title:

1. To examine how Al adoption drives organizational transformation and business model innovation
in tourism firms, with particular attention to changes in workflows, cross-departmental coordination, and

the shift toward platform-based, personalized service models.
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2. To explore how organizational transformation and business model innovation shape and

enhance the tourist experience, with specific focus on service efficiency, personalization, and engagement.

Research Methodology

Research Design

This study adopts a qualitative research design that combines document analysis with reflexive
thematic analysis of semi-structured interviews (Braun & Clarke, 2006; Creswell & Poth, 2018). The design is
appropriate because the research questions concern how Al adoption is enacted inside firms and interpreted
by tourists- processes that require contextual, meaning-centered inquiry rather than the testing of
predefined variables. In this design, documentary materials provide the macro-level account of how Al and
digital transformation are discussed in the tourism sector, while the interview corpus supplies the firm- and
tourist-level interpretive evidence; the two are integrated through triangulation at the analysis stage.

Data Sources and Collection

Documentary data. Forty-seven (n = 47) documents were collected between January 2024 and
March 2025 from three categories: (i) government and intergovernmental policy reports on digital tourism,
(i) industry white papers and consultancy reports published by recognized tourism and technology bodies,
and (iii) news articles and feature pieces from major travel-industry outlets. The search used the keywords

"Al tourism," "digital transformation tourism," "smart tourism," "Al hospitality,” and "generative Al travel."
Inclusion criteria required (a) publication between 2020 and 2025, (b) substantive treatment of Al or digital
transformation in tourism, and (c) availability in English. Duplicates, opinion pieces under 500 words, and
promotional materials were excluded.

Interview data. Eighteen semi-structured interviews (n = 18) were conducted with three
stakeholder groups: eight tourists who had used Al-enabled tourism services within the previous twelve
months, six tourism managers responsible for digital strategy or operations in hotels and tour-operating
firms, and four technology providers supplying Al or data-platform services to tourism enterprises.
Participants were recruited through purposive sampling with maximum-variation criteria to capture diverse
roles, firm sizes, and geographic contexts. Interviews lasted 45-75 minutes, were conducted in person or
via secure video conferencing, and were audio-recorded with consent. The interview guide was developed
from the literature review and pilot-tested with two informants for content validity; refinements were
incorporated before main fieldwork.

Data Analysis

Documentary corpus. The documentary materials were processed in three steps. First, a keyword-
frequency analysis was conducted to identify the most prominent terms describing Al use, organizational
change, and tourist experience. Second, a semantic-network analysis was applied to map co-occurrence
relationships among these terms and to surface latent thematic clusters that link technological vocabulary
to organizational and experiential concepts. Third, Latent Dirichlet Allocation (LDA) topic modeling was
performed on the documentary corpus using the Gensim library in Python 3.11. After preprocessing (lower-
casing, lemmatization, stop-word removal), models with k = 4 to k = 8 topics were estimated; the four-topic
solution maximized topic coherence (C v) and was retained. The four resulting themes—technology
adoption, organizational transformation, business-model innovation, and tourist experience—provided the

analytical scaffold for the interview analysis.
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Interview corpus. Audio recordings were transcribed verbatim and analyzed using the six-phase
reflexive thematic analysis procedure of Braun and Clarke (2006): familiarization, generation of initial codes,
searching for themes, reviewing themes, defining and naming themes, and producing the report. Coding was
conducted in NVivo 14. Initial codes were generated inductively close to participants’ language and then
iteratively grouped into the four thematic categories identified in the documentary analysis. A constant-
comparison approach was used to compare codes within and across stakeholder groups, and divergent
cases were retained to preserve interpretive nuance.

Trustworthiness and Ethics

Trustworthiness. Four established strategies were used to enhance the credibility, dependability,
and confirmability of the study (Creswell & Poth, 2018): (i) data triangulation across documentary and
interview sources and across stakeholder groups; (i) member checking, in which preliminary thematic
summaries were returned to eleven willing participants for confirmation and refinement; (i) peer debriefing
with two researchers external to the project, who reviewed the coding logic and theme structure; and (iv)
maintenance of an audit trail recording analytic decisions, code revisions, and theoretical memos
throughout the process.

Data management. Audio files, transcripts, and coded NVivo projects were stored on an encrypted
institutional drive accessible only to the research team. Documentary materials were retained in a parallel
folder with bibliographic metadata. All datasets will be kept for five years from the date of publication and
then securely destroyed, in line with institutional research-data policy.

Ethics. The study followed standard qualitative research ethics. Written informed consent was
obtained from all interview participants after they received an information sheet describing the study aims,
voluntary participation, the right to withdraw, and data-handling procedures. Participants are referred to by
alphanumeric codes (e.g., T-03 for tourist interview 03, M-02 for manager interview 02) and any potentially
identifying details have been removed from quotations. Documentary data were drawn exclusively from

sources in the public domain.

Results

Al Adoption, Organizational Transformation, and Business Model Innovation

Analysis of both corpora identified three interrelated mechanisms through which Al adoption
reshaped tourism firms: workflow reconfiguration, cross-departmental data integration, and migration toward
platform-based business models. Rather than treating Al as a stand-alone productivity tool, participants
described it as an operant resource that progressively restructured how work was organized and how value

was offered to customers.

Table 1 Analysis Results for Objective 1

Topic Description Representative Ilustrative Evidence
Keywords
Technology Firms embed Al into decision | Al, automation, "Al systems now handle most
Adoption support, scheduling, and data analytics, first-line customer queries, so
customer-facing services, recommendation our staff can focus on
shifting routine tasks from complex cases." (M-02)
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Topic

Description

Representative

Keywords

IWlustrative Evidence

human judgment to

algorithmic mediation.

Organizational

Transformation

Workflows and reporting lines
are redesigned around shared
data; cross-functional teams

replace siloed departments.

process redesign,
coordination, data
sharing,

restructuring

"Marketing and operations
now use the same customer
dashboard; decisions that
used to take a week happen
in a day." (M-05)

Business Model

Innovation

Firms move from selling
discrete products to

operating data-driven

platform,
personalization,

service ecosystem,

"Our app is no longer a
booking tool; it’s a platform

that learns what each guest

platforms that aggregate data-driven wants and builds the itinerary
services and personalize around them." (M-01)
offerings.
Table 2 Interview Summary (n = 18)
Interview Meaning IWustrative Stakeholder Frequency
Statement
Process Al removes "What used to take Managers, 14 of 18
automation repetitive manual | three people now providers
work and takes one and an
accelerates algorithm." (M-04)
throughput.
Cross-functional | Shared data "We now meet Managers 11 of 18
coordination platforms dissolve | around the
departmental silos | dashboard, not
and enable joint around opinions." (M-
decision-making. 03)
Service Data on past "The system builds a Providers, 13 of 18
personalization behavior is used to | different package for a | managers
tailor offers in real | family and for a solo
time. traveler,
automatically." (P-02)
Platformisation Firms migrate from | "We stopped thinking | Managers 9 of 18
product catalogs of ourselves as a
to interactive hotel; we are a
platforms service platform with
ageregating rooms." (M-01)
multiple services.
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Three interpretive patterns emerged. First, Al adoption was rarely confined to a single department;
it propagated through firms as workflows were redesigned around shared data. A hotel operations manager
(M-05) explained, "Once the booking, marketing, and concierge teams started looking at the same Al-
generated guest profile, the old idea of ‘my data, my decision” just disappeared." Second, technology
providers described a complementary movement on the supply side: "We don’t sell a chatbot anymore;
we sell an integration layer that ties their CRM, PMS, and front desk together" (P-01). The unit of innovation
has shifted from individual tools to integrated capabilities. Third, the move toward platform logics is
observable in both documents and interviews: as a tour-operator manager noted, "our revenue mix changed,;
commission on bookings dropped, but data-driven add-ons and dynamic packages grew" (M-04). These
mechanisms collectively support the interpretation that Al catalyzes interdependent organizational and
business-model change rather than producing one without the other.

Organizational Change, Business Model Innovation, and the Tourist Experience

The second objective examined how the internal changes documented above translate into the

tourist experience. Three experiential dimensions emerged from the analysis: service efficiency,

personalization, and engagement. These dimensions are presented in Tables 3, 4, and 5.

Table 3 Thematic Analysis Results for Objective 2

friction at touchpoints.

frictionless

Topic Description Representative IWustrative Evidence
Keywords
Service Streamlined workflows speed, response, "Check-in took thirty seconds
Efficiency reduce waiting times and seamless, because the system already

knew me." (T-04)

Personalization

Data-driven
recommendations match
offerings to individual

interests and contexts.

personalization,
recommendation,

relevance, tailored

"It suggested a quiet beach
instead of the usual tourist

one—exactly what | wanted.
(T-07)

Engagement

Interactive interfaces invite
tourists into an active, co-

creative role.

interaction,
participation, co-
creation,

immersion

"l felt | was designing my own
trip, not just buying one." (T-
02)

Table 4 Experience Dimensions and Mechanisms (documentary corpus)

predictive operations

and faster service

delivery

Dimension Underlying Mechanism Observable IWustrative Source Excerpt
Indicator
Efficiency Workflow automation and Reduced waiting "Al-powered check-in cut

average wait time by 40%."
(Industry report, 2024)

Personalization

Data integration and machine-

learning recommendation

Tailored itineraries
and offers
matched to

preferences

"Algorithms now build a
unique itinerary for every

traveler." (Policy paper, 2025)

213615398 ININTINNT UM INENEB1VAYF3UNS UM 10 aUun 3 Auereu - Sudnax 2569

'
a

712




e

Journal of Management Science Research, Surindra Rajabhat University,
Vol.10 No.3 September - December 2026

Engagement Conversational interfaces and | Active tourist "Travelers co-design
immersive media participation in experiences through
service design interactive platforms." (News
article, 2024)
Experience Aggregation of efficiency, Higher overall "Smart-tourism platforms
Quality personalisation, engagement satisfaction and correlate with higher NPS
intention to return | scores." (Industry report, 2024)

Table 5 Tourist Interview Coding Summary (n = 8 tourist interviews)

how much to rely
on the system’s

suggestions.

of its advice, but |
still wanted to
choose the
restaurant myself."
(T-06)

Code Meaning IWustrative Linked Frequency
Statement Dimension
Faster service Tourist perceives "The whole Efficiency 7 of 8
reduced waiting and | process from
smoother booking to check-
transitions. in was almost
instant." (T-01)
Relevant Recommendations "The app Personalization | 6 of 8
recommendations match interests, suggested options
contexts, or | would never
constraints. have found on my
own." (T-05)
Active co-design Tourist takes a "I built the trip Engagement 50of 8
participatory role in | with the assistant;
shaping the trip. it didn’t feel like a
package." (T-03)
Trust calibration Tourist negotiates "| followed most Engagement 40of 8

Across the three dimensions, the mechanism connecting organizational change to tourist

experience is the translation of internal data integration into outward responsiveness. When firms

redesigned workflows around shared customer data (Section 5.1), tourists experienced this as faster service:

as one tourist remarked, "l didn’t have to repeat anything—the front desk already knew about my flight

delay" (T-04). When firms migrated to platform-based business models, tourists experienced this as

personalization: "the system understands what | like, even before | do" (T-07). And when firms invested in
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conversational and immersive interfaces, tourists reported a more participatory role: "l felt | was co-designing
the trip, not just buying a tour" (T-02).

Importantly, the data also surfaced a tension. Several tourists described a desire to retain
interpretive control—what we term trust calibration—negotiating between algorithmic recommendation
and personal judgment. This tension qualifies a purely positive reading: Al improves experience along
measurable dimensions but also introduces a new dimension of negotiation that managers should design

for rather than design away.

Discussion

Discussion of Objective 1: Mechanisms of Organizational and Business-Model Change

The findings extend prior work on Al in tourism in three ways. First, they confirm and refine the
claim that Al improves operational efficiency (Huang & Rust, 2018; Tussyadiah, 2020), but show that
efficiency gains are inseparable from workflow redesign and cross-functional data sharing. Where Bharadwaj
et al. (2013) theorized digital business strategy as a fusion of IT and business strategy, our data illustrate
that fusion empirically: the locus of Al value lies in inter-departmental integration rather than in any single
tool. Second, the findings are consistent with Buhalis and Leung (2018) on smart-hospitality interconnectivity,
but diverge from the more cautious conclusions of Verhoef et al. (2021), whose cross-industry analysis
found that digital transformation outcomes were modest where IT and organizational redesign were
decoupled; in our tourism cases, coupling was the norm rather than the exception. Third, the migration to
platform-based business models echoes Chesbrough (2010) and Foss and Saebi (2017), but adds a sector-
specific insight: tourism platforms succeed by orchestrating data flows across travel sub-sectors rather than
by displacing incumbents within any single sub-sector.

Discussion of Objective 2: Translation into the Tourist Experience

The findings illuminate how organizational change reaches the tourist along three specific channels.
In terms of service efficiency, workflow integration shortens response cycles and removes redundant
touchpoints, producing the seamless service described by participants such as T-04. This supports lvanov
and Webster (2017) on automation’s operational impact while clarifying the intra-organizational route
through which it occurs. With respect to personalization, platform-based models combine real-time data
with machine-learning recommendations to deliver offers calibrated to individual context. The finding
extends Neuhofer et al. (2015) by showing that personalization now operates not only at the level of
content (what is recommended) but also at the level of architecture (how services are bundled). On
engagement, conversational and immersive interfaces invite tourists into co-creative roles, consistent with
the value-co-creation premise of Vargo and Lusch (2016) and the experience-design orientation of Sigala
(2018). Our trust-calibration finding adds a qualification absent from this prior literature: engagement is not
a unidirectional gain but a negotiated balance between algorithmic recommendation and tourist autonomy.
Acceptance of Al services thus depends on perceived control, complementing Gursoy et al.’s (2019) findings

on consumer acceptance of Al devices.
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Theoretical and Practical Contributions

Theoretical contribution.

This study contributes to service-dominant logic by specifying how Al mediates resource integration
in tourism: not as a substitute for human interaction but as an infrastructural layer that lowers the cost of
integrating customer, operational, and contextual data into co-created experiences. It extends experience-
economy theory by showing that the staged experience is increasingly algorithmically composed rather
than pre-scripted, which broadens the theory’s scope to data-driven contexts.

Practical contribution.

For tourism managers, the findings imply that Al investment will under-deliver unless paired with
workflow redesign and a deliberate shift in business model toward platform logics. For policy makers and
industry associations, the findings suggest the value of capability-building programs that bundle technology
adoption with organizational redesign skills, rather than treating Al procurement as a stand-alone initiative.
For technology providers, the migration from "selling tools" to "supplying integration layers" represents both

a strategic opportunity and a requirement.

Conclusion

This study examined how Al adoption drives organizational transformation and business model
innovation in tourism firms and how these internal changes shape the tourist experience. Drawing on a
documentary corpus of 47 sources and 18 semi-structured interviews with tourists, tourism managers, and
technology providers, the analysis identified three coupled mechanisms—workflow reconfiguration, cross-
departmental data integration, and platformisation—and three experiential consequences—service
efficiency, personalization, and engagement, with engagement qualified by tourists’ negotiation of trust.

The principal conclusion is that Al delivers value in tourism not by replacing human service but by
reorganizing how data, work, and customer interaction are integrated across the firm. The study’s
contribution to scholarship lies in showing this integration empirically and theorizing it through service-
dominant logic and experience-economy lenses; its contribution to practice lies in the recommendation

that Al investment be planned jointly with workflow redesign and business-model transition.

Limitations

Several limitations should be acknowledged. First, the sample of 18 interviewees, while reaching
thematic saturation, is modest and drawn from a limited set of geographic contexts; transferability to other
settings should be assessed by readers (Creswell & Poth, 2018). Second, the documentary corpus is
restricted to English-language sources, which may underrepresent perspectives from non-Anglophone
tourism markets. Third, interviews captured a snapshot of practice between 2024 and 2025; given the pace

of generative-Al development, longitudinal follow-up would help track how these mechanisms evolve.

Directions for Future Research

Three avenues are particularly promising. First, comparative case studies across tourism sub-sectors
(e.g., aviation, hospitality, destination management) could test whether the three mechanisms travel
uniformly or take sector-specific forms. Second, research on generative-Al applications in tourism—itinerary

co-creation, voice-based concierge, Al-generated destination media—could extend the present mechanisms
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to richer interaction modalities. Third, longitudinal research on trust calibration could examine how the
negotiation between algorithmic recommendation and tourist autonomy evolves as tourists become more

experienced with Al-enabled services.

Research Ethics Statement

This study was conducted in accordance with established ethical principles for research involving
human participants. Prior to data collection, participants were informed about the objectives, procedures,
potential benefits, and their rights to withdraw from the study at any time without penalty. Written informed
consent was obtained from all participants before the interviews. Participation was entirely voluntary, and
confidentiality was strictly maintained throughout the research process. Participants’ identities were
anonymized using codes or pseudonyms, and all data were securely stored and accessible only to the
research team. The information collected was used solely for academic purposes and reported in aggregate

form to prevent the identification of individual participants.
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