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ABSTRACT

This paper proposes the method to predict a coefficient of performance (COP) of 10 kW cooling
capacity absorption chiller. The modelling is based on the artificial neural networks (ANN) with back-
propagation learning algorithm and supervised learning. The model will predict the absorption chiller
performance based on hot water inlet and outlet temperatures range of 80°C to 100°C, chilled water inlet and
outlet temperatures range of 5°C to 18°C, cooling water inlet and outlet temperatures range of 27°C to 40°C.
The log- sigmoid transfer function is used in the performance prediction. The configuration 6-4-4-1 (6 inputs, 4
hidden, 4 hidden and 1 output neurons) can predict COP of absorption chiller accurately. The sum square

error (SSE) of model is 0.0057 and the coefficient of determination (RZ) is 0.9930.
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