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Abstract
 Due to the rapid digital disruptions change in the digital age through all professions. The accounting 
professions can be used as an example for those rapid digital disruptions change towards accounting education. 
The objective of this study was to study the relationship between accounting student profiles and their 
knowledge and skills in Artificial Intelligence (AI) by using the questionnaire as an instrument to collect the 
data from 249 undergraduate accounting students from 15 private universities in Thailand. The data analysis 
was mean, standard deviation, factor analysis, one-way ANOVA, and simple regression analysis. The results 
found that the year of study was related to student knowledge in AI, however; it was not found related to 
student skills in AI.  The Grade Point Average (GPA) was related to student skills in AI, however; it was not 
found related to their knowledge in AI. However, the expected salary was related to both knowledge and 
skills in AI. This study was also confirmed a statistical significance relationship between accounting student 
knowledge in AI and their skills in AI.
 This study could be the guidelines for private universities, where offer the accounting degree, 
develop, train, and transform students to sustain in the rapid digital disruptions change in the digital age. 
Moreover, the private universities should concentrate on the technological change in order to face with 
digital disruptions change in the future.

Keywords: Accounting Students, Artificial Intelligence (AI), Knowledge in AI, Skills in AI

บัทันำ
 เน่�องจากการเปลี�ย์นแปลงทางเทคโนโลย์ีอย์่างรวิด้เร็วิในย์ุคด้ิจิทัลการเข้ามาแทรกแซงของด้ิจิทัลมีต่อทุกสาขาอาชีีพั 
รวิมถึึง วิิชีาชีีพับััญชีีที�ได้้รับัผลกระทบัจากการเปลี�ย์นแปลงด้ังกล่าวิซึ�งส่งผลต่อการศึกษาในสาขาการบััญชีี การวิิจัย์นี� 
มีวิัตถุึประสงค์เพ่ั�อศึกษาควิามสัมพัันธ์ุระหว่ิางคุณสมบััติของนักศึกษาบััญชีีกับัควิามร้้และทักษะของนักศึกษาทางด้้าน 
ปัญญาประด้ิษฐ์ (AI) โด้ย์ใชี้แบับัสอบัถึามเป็นเคร่�องม่อในการเก็บัรวิบัรวิมข้อม้ลจากนักศึกษาบััญชีีในระด้ับัปริญญาตรี  
จำนวิน 249 คนจากมหาวิิทย์าลัย์เอกชีนในประเทศไทย์ 15 แห่ง ข้อม้ลที�ได้้ถึ้กนำมาวิิเคราะห์ ค่าเฉลี�ย์ ส่วินเบัี�ย์งเบันมาตรฐาน 
การวิิเคราะห์องค์ประกอบั การวิิเคราะห์ควิามแปรปรวินแบับัทางเด้ีย์วิ และการวิิเคราะห์การถึด้ถึอย์อย์่างง่าย์ ผลการศึกษา 
พับัวิ่า ชีั�นปีของนักศึกษาบััญชีีมีควิามสัมพัันธุ์กับัควิามร้้ทาง AI แต่ไม่มีควิามสัมพัันธุ์กับัทักษะด้้าน AI ระด้ับัคะแนนเฉลี�ย์สะสม 
มคีวิามสัมพันัธ์ุกบััทักษะด้้าน AI แต่ไม่มคีวิามสัมพันัธ์ุกบััควิามร้้ด้า้น AI  ทั�งนี�ควิามคาด้หวัิงของเงินเด้อ่นที�จะได้รั้บัจากการทำงาน 
มีควิามสัมพัันธุ์กับัควิามร้้และทักษะด้้าน AI  รวิมถึึงงการศึกษา พับัวิ่าควิามร้้ทางด้้าน AI และทักษะทางด้้าน AI ของนักศึกษา
มีควิามสัมพัันธุ์กันอย์่างมีนัย์สำคัญทางสถึิติ
 การศึกษานี�สามารถึเป็นแนวิทางสำหรับัมหาวิิทย์าลัย์เอกชีนที�เปิด้สอนหลักส้ตรบััญชีี ได้้พััฒนาฝึึกอบัรม  
และเปลี�ย์นแปลงนกัศกึษาให้สามารถึอย่้์รอด้ได้้ ต่อการเปลี�ย์นแปลงทางเทคโนโลย์อีย่์างรวิด้เรว็ิในย์คุด้จิทิลั รวิมถึงึมหาวิิทย์าลยั์เอกชีน 
ควิรให้ควิามตระหนักในการเปลี�ย์นเปลี�ย์นด้้านเทคโนโลย์ี เพั่�อที�จะเผชีิญกับัการเปลี�ย์นแปลงในย์ุคด้ิจิทัลในอนาคตได้้

ศึัพัทั์สัำคัญ: นักศึกษาบััญชีี ปัญญาประด้ิษฐ์ (AI) ควิามร้้เกี�ย์วิกับัปัญญาประด้ิษฐ์ ทักษะเกี�ย์วิกับัปัญญาประด้ิษฐ์

Introduction
 The goal of the higher education institutions in accounting education is to produce quality graduates. 
The educational inputs and the initiatives implemented by the institution contributes a very significant role  
in the provision of quality graduates. Input quality is the ability of people whose accomplishments are related 
to curriculum offered by the institution.  The means, mode and educational approach will mold the graduates 
to meet the high standard of organizations. There are various factors and persons who involves in the 
development of quality learning. These consists of students, instructors, teaching modes, study resources, 
assessment of learning and instructional communication (Chrismastuti & Purnamasari, 2015).
 In recent years, Artificial intelligence (AI) has made enormous development. Artificial intelligence's 
presence in the accounting business will undoubtedly alter and undermine existing development modes  
while also bringing innovation to the industry. Traditional accounting labor has the characteristics of repetition 
and cumbersomeness when it comes to the transformation and upgrading of the accounting sector. Artificial 
intelligence can alleviate the inefficiencies and low added value in the accounting profession, allowing 
accountants to focus on more creative work and adding more value to the firm. The application of artificial 
intelligence to the accounting sector will stimulate the industry's development and innovation, as well as 
increase firm competitiveness, which is extremely important (Luo, Meng & Cai, 2018) The influence of AI 
is very crucial and educational institutions must make sure that students are equipped with current skills 
(Anyoho, 2017).
 The skills and professional knowledge required in accounting and developments about the information 
in the business world can be obtained from college education.  According to Kavanagh and Drennan (2008), 
students should be aware that employers expect accounting graduates to have abilities in communication, 
analysis, professionalism, and teamwork. A good understanding of basic accounting skills and strong  
analytical skills is required along with business awareness and knowledge in the real world of work (Aryanti 
& Adhariani, 2020). Skills in AI represent an essential component of the employability capabilities portfolio, 
which are progressively expected by employers and highlighted within the overall agenda of higher  
education (Association of Chartered Certified Accountants , 2016).  These skills are included namely word, 
excel, and statistics for data analysis, email for communication, WWW for information search, and many 
more (International Federation of Accountants, 2003). Technically knowledge in AI means the intelligence 
exhibited by machines, which differ from natural intelligence (Knowledge in artificial intelligence, 2020). 
Technical expertise in machine learning is the way to acquire the right skills needed by every organization. 
But these technological skills need to be complemented, as with data analytics, by having a thorough 
insight of the market context surrounding the data and the insight needed. In response to the new abilities 
in data analytics, the roles of accounting are changing. With strong awareness in business and high levels of 
numeracy, accountants are in a good position to work effectively with data analytics (Savery & Duffy, 1995). 
AI will speed up these trends. In business, there is high demand of college graduates who have a high 
technological skill level. Educational institutions are combining IT into accounting curriculum to meet the 
increasing demand.
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Technical expertise in machine learning is the way to acquire the right skills needed by every organization. 
But these technological skills need to be complemented, as with data analytics, by having a thorough 
insight of the market context surrounding the data and the insight needed. In response to the new abilities 
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 This study applied social cognitive theory (SCT) and connectivism theory to develop the conceptual 
framework. For social cognitive theory, it describes how the people’s learning can be developed based on 
three factors: environmental factors, personal factors, and behaviors (Bandura, 2002). Personal factors are 
any cognitive, motivational, emotional, personality, or demographic aspects characterizing an individual. 
SCT emphasizes the importance of two closely interrelated cognitive factors: self-efficacy and outcome 
expectations. Bandura (1986) defined self-efficacy” as “people’s judgment of their capabilities to organize 
and execute courses of action required to attain designated types of performances. It is concerned 
not with the skills one has but with judgments of what one can do with whatever skills one possesses.  
(p. 391).” Outcome expectations refer to the amount to which an individual will engage in a particular  
conduct solely if he or she believes it will result in some desired outcomes (Compeau, Higgins & Huff, 1999). 
The interrelation between perceptions of efficacy and outcome expectations stated in SCT highlights the  
fact that people may be strongly persuaded and drawn to certain outcomes in relation to a particular action, 
but they are unlikely to engage in that behavior if they lack confidence in their own skills to execute at 
the appropriate level (Wise, 2002).
 The term "personal data" refers to the individual information about people that has been recorded 
(McGuire, 2020). In the university population, the information about personal data usually includes gender, 
student status, GPA, or other information relevant to a specific purpose. One of the benefits of studying  
personal factors is that it helps develop a university’s improvement and strategic plans. Personal information 
is considered as a measurement of how well the university meet the students’ needs (McGuire, 2020). 
Thus, the personal factors could be considered as the important and interesting variable to be studied.
 Connectivism theory, according to Siemens (2005), is a learning theory for the digital age that defines 
how learners create knowledge as they strive to understand their experiences. The starting point of  
connectivism is the individual. Personal knowledge is made up of a network that feeds into organizations 
and institutions, which then feed back into the network, allowing individuals to continue to learn (Siemens, 
2005). Connectivism sheds light on the abilities and tasks that learners will need to succeed in the digital 
age. According to connectivism, the actions people engage in when conducting practices to learn are more 
akin to growing or developing themselves and their society in specific (connected) ways (Siemen, 2008).  
Connectivism, according to Cabrero and Román (2018), describes how people adapt to changing environments 
by forming new connections and recognizing patterns. Connectivism has also been associated with an  
increased ability to learn on the part of students. This is due in part to their increased ability to self-manage 
and in part to the more reliable worldview provided by connectivism. With respect to self-management, 
students in higher education learning environments prepare for the future when they become self-directed 
learners and more motivated by learning than performance (Sarnok & Wannapiroon, 2018; Jirasatjanukul 
& Jeerungsuwan, 2018). The challenge for learners to improve knowledge and skills would be the focus of 
connectivism (Kultawanich, Koraneekij & Na-Songkhl ,2015)

 Student profiles can consist of age, gender, year-of-study, GPA, and expected salary. In this research, 
gender and age are not considered because many researchers have already studied gender in this area, and 
the age of the students is within a narrow range, which may not be able to classify the students into different 
groups clearly. Year-of-study is chosen because based on the results the curriculum of study for each year 
can be decided and modified.  GPA is used as it reflects the knowledge that students gain during their studies.  
The knowledge and skills that students accumulate will be rewarded later when they enter labor market. 
University graduates expect to receive a fair salary that would be adequate to the skills and knowledge gained 
(Kurek & Gorowski, 2019).
 There are several previous studies on the relationship between year of study and other dependent 
variables such as academic knowledge (Doran, Bouillon & Smith, 1991; Bardell, Hunter, Kent & Jain, 2003), 
academic performance (Papageorgiou, 2017), communication skills (Arquero, Hassall, Joyce & Donoso, 
2007),  attitude (Khan, Khawaja,  Waheed, Rauf & Fatmi, 2006), internet and computer usage (Dorup, 2004), 
IT application skills (Stoner, 2009). No previous studies have been done on the relationship between year 
of study and skills and knowledge in AI under accounting discipline.
 There are several previous studies on the relationship between GPA and other dependent variables 
such as the score of accounting subjects (Ayob & Selamat, 2011), accounting student performance (Waples 
& Darayseh, 2005), study skills (Pepe, 2012), student knowledge (Young & Fry, 2008), knowledge retention 
(Valdez, Namdar & Valuck,  2013). No previous studies have been done on the relationship between GPA 
and skills and knowledge in AI under accounting discipline.
 There are also several previous studies on the relationship between expected salary and other 
dependent variables such as year of study (McMahon & Wagner, 1981), marketing knowledge utilizing 
technology or quantitative analysis (Schlee & Karns, 2017), unemployed graduates (Nabi, 2003), database 
skills and data analytics (Schlee & Karns, 2017). No previous studies have been done on the relationship 
between expected salary and skills and knowledge in AI under accounting discipline. Moreover, not much 
research has been done on the relationship between students’ profiles on students’ knowledge and skills 
in AI especially for accounting students studying in Thai private universities.
 In response to the growing demand and importance of AI in accounting it is very important to develop 
a holistic accounting curriculum. Therefore, this study aims to find out “how is accounting students profile 
related to students’ knowledge and their skills in AI. This study is expected to benefit accounting students, 
accounting teachers, and department of accounting.

Research Objectives
 Research objectives are firstly to evaluate the relationship between student year-of-study and student 
knowledge and skills in AI, secondly to examine the relationship between student GPA and student knowledge 
and skills in AI, and finally to investigate the relationship between students expected salary and student 
knowledge and skills in AI.



วารสารวิชาการบริหารธุุรกิจ
สมาคมสถาบัันอุุดมศึึกษาเอุกชนแห่่งประเทศึไทย

ในพระราชูปถัมภ์์ สมเด็จพระเทพรัตนราชสุดาฯ สยามบัรมราชกุมารี

ปีที� 11 เล่่ม 1 ประจำเดือุน มกราคม - มิถุนายน 2565

15

 This study applied social cognitive theory (SCT) and connectivism theory to develop the conceptual 
framework. For social cognitive theory, it describes how the people’s learning can be developed based on 
three factors: environmental factors, personal factors, and behaviors (Bandura, 2002). Personal factors are 
any cognitive, motivational, emotional, personality, or demographic aspects characterizing an individual. 
SCT emphasizes the importance of two closely interrelated cognitive factors: self-efficacy and outcome 
expectations. Bandura (1986) defined self-efficacy” as “people’s judgment of their capabilities to organize 
and execute courses of action required to attain designated types of performances. It is concerned 
not with the skills one has but with judgments of what one can do with whatever skills one possesses.  
(p. 391).” Outcome expectations refer to the amount to which an individual will engage in a particular  
conduct solely if he or she believes it will result in some desired outcomes (Compeau, Higgins & Huff, 1999). 
The interrelation between perceptions of efficacy and outcome expectations stated in SCT highlights the  
fact that people may be strongly persuaded and drawn to certain outcomes in relation to a particular action, 
but they are unlikely to engage in that behavior if they lack confidence in their own skills to execute at 
the appropriate level (Wise, 2002).
 The term "personal data" refers to the individual information about people that has been recorded 
(McGuire, 2020). In the university population, the information about personal data usually includes gender, 
student status, GPA, or other information relevant to a specific purpose. One of the benefits of studying  
personal factors is that it helps develop a university’s improvement and strategic plans. Personal information 
is considered as a measurement of how well the university meet the students’ needs (McGuire, 2020). 
Thus, the personal factors could be considered as the important and interesting variable to be studied.
 Connectivism theory, according to Siemens (2005), is a learning theory for the digital age that defines 
how learners create knowledge as they strive to understand their experiences. The starting point of  
connectivism is the individual. Personal knowledge is made up of a network that feeds into organizations 
and institutions, which then feed back into the network, allowing individuals to continue to learn (Siemens, 
2005). Connectivism sheds light on the abilities and tasks that learners will need to succeed in the digital 
age. According to connectivism, the actions people engage in when conducting practices to learn are more 
akin to growing or developing themselves and their society in specific (connected) ways (Siemen, 2008).  
Connectivism, according to Cabrero and Román (2018), describes how people adapt to changing environments 
by forming new connections and recognizing patterns. Connectivism has also been associated with an  
increased ability to learn on the part of students. This is due in part to their increased ability to self-manage 
and in part to the more reliable worldview provided by connectivism. With respect to self-management, 
students in higher education learning environments prepare for the future when they become self-directed 
learners and more motivated by learning than performance (Sarnok & Wannapiroon, 2018; Jirasatjanukul 
& Jeerungsuwan, 2018). The challenge for learners to improve knowledge and skills would be the focus of 
connectivism (Kultawanich, Koraneekij & Na-Songkhl ,2015)
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gender and age are not considered because many researchers have already studied gender in this area, and 
the age of the students is within a narrow range, which may not be able to classify the students into different 
groups clearly. Year-of-study is chosen because based on the results the curriculum of study for each year 
can be decided and modified.  GPA is used as it reflects the knowledge that students gain during their studies.  
The knowledge and skills that students accumulate will be rewarded later when they enter labor market. 
University graduates expect to receive a fair salary that would be adequate to the skills and knowledge gained 
(Kurek & Gorowski, 2019).
 There are several previous studies on the relationship between year of study and other dependent 
variables such as academic knowledge (Doran, Bouillon & Smith, 1991; Bardell, Hunter, Kent & Jain, 2003), 
academic performance (Papageorgiou, 2017), communication skills (Arquero, Hassall, Joyce & Donoso, 
2007),  attitude (Khan, Khawaja,  Waheed, Rauf & Fatmi, 2006), internet and computer usage (Dorup, 2004), 
IT application skills (Stoner, 2009). No previous studies have been done on the relationship between year 
of study and skills and knowledge in AI under accounting discipline.
 There are several previous studies on the relationship between GPA and other dependent variables 
such as the score of accounting subjects (Ayob & Selamat, 2011), accounting student performance (Waples 
& Darayseh, 2005), study skills (Pepe, 2012), student knowledge (Young & Fry, 2008), knowledge retention 
(Valdez, Namdar & Valuck,  2013). No previous studies have been done on the relationship between GPA 
and skills and knowledge in AI under accounting discipline.
 There are also several previous studies on the relationship between expected salary and other 
dependent variables such as year of study (McMahon & Wagner, 1981), marketing knowledge utilizing 
technology or quantitative analysis (Schlee & Karns, 2017), unemployed graduates (Nabi, 2003), database 
skills and data analytics (Schlee & Karns, 2017). No previous studies have been done on the relationship 
between expected salary and skills and knowledge in AI under accounting discipline. Moreover, not much 
research has been done on the relationship between students’ profiles on students’ knowledge and skills 
in AI especially for accounting students studying in Thai private universities.
 In response to the growing demand and importance of AI in accounting it is very important to develop 
a holistic accounting curriculum. Therefore, this study aims to find out “how is accounting students profile 
related to students’ knowledge and their skills in AI. This study is expected to benefit accounting students, 
accounting teachers, and department of accounting.

Research Objectives
 Research objectives are firstly to evaluate the relationship between student year-of-study and student 
knowledge and skills in AI, secondly to examine the relationship between student GPA and student knowledge 
and skills in AI, and finally to investigate the relationship between students expected salary and student 
knowledge and skills in AI.
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Literature Review
 Dependent Variable
 Student Knowledge in AI
 The capability of computers to do tasks that are usually thought to depend upon human intelligence 
is Artificial intelligence (AI) (Huang & Rust, 2018). Technically knowledge in artificial intelligence means 
the intelligence exhibited by machines, which differ from natural intelligence (Knowledge in artificial  
intelligence,2020). Intellectual scholars are typically associated with the skill of a digital computer on 
computer- controlled robot to carry out job (Copeland, 2020).  Artificial intelligence which also includes 
knowledge representation and reasoning, is committed to represent data in a way that can be used by a 
computer system to resolve difficult problems, such as identifying a medical condition or having a dialog 
in a natural language (Knowledge representation and reasoning, 2020).   The term is widely used in many  
fields of careers such as in marketing. In marketing, knowledge in AI affects every aspect of the marketing 
mix and its influence on both consumer value delivery as well as the marketing organization and management 
(Jarek & Mazurek, 2019).  In engineering field AI is machine learning, deep learning, natural language processing, 
computer vision, and robotics (Rathi & Rathi, 2019).  For accounting aspect, AI means the intelligence to 
manipulate accounting data to provide extremely accurate outputs which can replace and to certain extend 
replace human efforts (Tridechapol, Ajoy, Pachraponkamond & Lee, 2019) AI do not replicate human  
intelligence. The strengths and limits of AI need to be recognized.  A good understanding for how humans 
and computers should work together has to be built (Institute of Chartered Accountants in England and 
Wales , 2018). Accounting educators are looking for creative techniques and best practices to adjust their 
programs and equip academics with current teaching materials as they face the challenge of preparing 
graduates for a successful career in a technology-driven environment (Stancheva-Todorova & Bongdanova, 
2021). It is important to acquire knowledge in taxation system and electronics document (e-tax) submitted 
to the revenue department. Knowledge in e-withholding tax system, e-receipt system, and e-filing.  
The level of knowledge and understanding of block chain, cloud computing accounting software, information 
system- big data are important (Foong & Khoo, 2015).
 Student Skills in AI
 Skills in AI represent an essential component of the employability capabilities portfolio, which 
are progressively expected by employers and highlighted within the overall agenda of higher education  
(Association of Chartered Certified Accountants, 2016).  These skills are included namely word, excel, 
and statistics for data analysis, email for communication, WWW for information search, and many more 
(International Federation of Accountants, 2003). Several previous research have explicitly studied skills 
in AI of accounting students, for example, Gazely and Pybus (1997), Stoner (1999), McCourt, Ballantine 
and  Whittington (2003). Most of these studies found that skills in AI are a fundamental requirement for 
good profession, as an important issue of teaching and learning accounting for accounting educators and 
needs to be added in the accounting curriculum as necessary skills. The accounting career has persistently 
been solution-oriented, with advanced advancements bringing in unused issues and asking for unused 
courses of action. Accounting professions can refine their potential by being more beneficial and being a 
trend-setter of these courses of action (Peng & Chang, 2019). So, for students who are pursuing their studies 
in accounting it is important to develop their AI skills as they will be the future accountants. Accounting 
educators should change their mindset and develop the required skills and competences related to the  
smart technologies and their augmented business applications (Stancheva-Todorova, 2018). It is increasingly 
important for accountants to have a broader domain know-how, information technology-user skills, 

better problem-solving competences, and an understanding of processes (Leitner-Hanetseder, Lehner,  
Eisl & Forstenlechner, 2021).  Skills in using IT equipment, communication skills, data analytics skills and skills 
of development and application knowledge in cross sectional science, expertise in system, are integral part 
of the study. The latest technology should be integrated and utilized in the work. Therefore, accountants 
must equip with latest technology.

Independent Variables
 Student Profiles (GPA, year of study, and expected salary)
 Grade Point Average (GPA)
 The average grades received by a student during his/her entire academic career is referred as 
Grade Point Average (GPA) (Potter, 2020). The grade for every subject encompasses knowledge, skills, and 
capacities more clearly in an education (Gachino & Worku, 2019). The results contribute to demonstrate  
diagnostic value of GPA to recognize performance of prospective employer that reflects the social, interactional, 
and semantic element in the workplace (Lyons & Bandura, 2017). Both significant progress measures during 
initial intermediate accounting class are cumulative GPA applied to evaluate all education achievement  
and diagnostic assessment used to indicate appropriate background of financial accounting (Waples & 
Darayseh, 2005). At national level, GPA indeed shows the average occupational conduct of all subjects 
linked to bachelor’s degrees as a true picture of each course. To sum up, the GPA score can be verified 
as an employers' flexible signal for a qualification evaluation which, as a result of its core qualitative and 
quantitative contribution to employment, is not helpful in its relationship with competencies (Freire-Seoane, 
Pais-Montes & Lopiz-Bermudez, 2019)

 Year of study
 Four academic levels, known as freshman, sophomore, junior and senior typically separate a college 
career for an undergraduate student which is mentioned as Year of Study (Cortina, 2019). These various 
classifications of the students depend on the student’s present phase and the amount of credit hours 
earned towards the degree. Knowledge involving international accounting standards has been given greater 
attention by junior and senior students than the freshmen and sophomore students. In addition, there are 
some variables like political problems, computer ability, and teamwork are significant for students in the 
fourth year as opposed to students in earlier years (Suttipun, 2012). Papageorgiou (2017) found that the 
profiles of first-year accounting students, especially their gender, ethnicity and learning before university 
have an impact on the educational achievement. Student year gaps have influenced the level of education 
and comprehension of electronic taxation differently (Khamta & Wattanakulchai, 2018).

 Expected salary
 Salary is defined as the amount paid to workers for working in an organization (Moy & Lee, 2002). 
The ANOVA study by Reissova and Simsova (2019) found that students anticipated salary which has impact 
on educational level but only if they are hired by a corporation. Anticipation of having higher salaries and 
greater opportunities in career are found with students having more relative competency (Brunello, Lucifora 
& Ebmer, 2004). The significant factor of educational decision-making is the potential anticipated income 
(Andonova & Blazevski, 2015). One of the key indicators to gain more pay is having knowledge from working 
(Schlee & Karns, 2017). Omar, Zakaria, Ismail, Sin and Selvakumar (2015) pointed out that the influences in 
career choices are initial pay, image of employer and working condition.
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Literature Review
 Dependent Variable
 Student Knowledge in AI
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is Artificial intelligence (AI) (Huang & Rust, 2018). Technically knowledge in artificial intelligence means 
the intelligence exhibited by machines, which differ from natural intelligence (Knowledge in artificial  
intelligence,2020). Intellectual scholars are typically associated with the skill of a digital computer on 
computer- controlled robot to carry out job (Copeland, 2020).  Artificial intelligence which also includes 
knowledge representation and reasoning, is committed to represent data in a way that can be used by a 
computer system to resolve difficult problems, such as identifying a medical condition or having a dialog 
in a natural language (Knowledge representation and reasoning, 2020).   The term is widely used in many  
fields of careers such as in marketing. In marketing, knowledge in AI affects every aspect of the marketing 
mix and its influence on both consumer value delivery as well as the marketing organization and management 
(Jarek & Mazurek, 2019).  In engineering field AI is machine learning, deep learning, natural language processing, 
computer vision, and robotics (Rathi & Rathi, 2019).  For accounting aspect, AI means the intelligence to 
manipulate accounting data to provide extremely accurate outputs which can replace and to certain extend 
replace human efforts (Tridechapol, Ajoy, Pachraponkamond & Lee, 2019) AI do not replicate human  
intelligence. The strengths and limits of AI need to be recognized.  A good understanding for how humans 
and computers should work together has to be built (Institute of Chartered Accountants in England and 
Wales , 2018). Accounting educators are looking for creative techniques and best practices to adjust their 
programs and equip academics with current teaching materials as they face the challenge of preparing 
graduates for a successful career in a technology-driven environment (Stancheva-Todorova & Bongdanova, 
2021). It is important to acquire knowledge in taxation system and electronics document (e-tax) submitted 
to the revenue department. Knowledge in e-withholding tax system, e-receipt system, and e-filing.  
The level of knowledge and understanding of block chain, cloud computing accounting software, information 
system- big data are important (Foong & Khoo, 2015).
 Student Skills in AI
 Skills in AI represent an essential component of the employability capabilities portfolio, which 
are progressively expected by employers and highlighted within the overall agenda of higher education  
(Association of Chartered Certified Accountants, 2016).  These skills are included namely word, excel, 
and statistics for data analysis, email for communication, WWW for information search, and many more 
(International Federation of Accountants, 2003). Several previous research have explicitly studied skills 
in AI of accounting students, for example, Gazely and Pybus (1997), Stoner (1999), McCourt, Ballantine 
and  Whittington (2003). Most of these studies found that skills in AI are a fundamental requirement for 
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needs to be added in the accounting curriculum as necessary skills. The accounting career has persistently 
been solution-oriented, with advanced advancements bringing in unused issues and asking for unused 
courses of action. Accounting professions can refine their potential by being more beneficial and being a 
trend-setter of these courses of action (Peng & Chang, 2019). So, for students who are pursuing their studies 
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Conceptual Framework
 Conceptual framework posits that student profiles such as year of study, GPA, and expected salary 
are related to knowledge and skills in AI of accounting students, as depicted in figure 1.

Figure 1: Conceptual Framework
Hypotheses Development
 Prior research in accounting discipline indicates that academic performance is different among  
students’ year of study (Loveday, 1993; Duff, 2004). For instance, a Singapore study, Koh and Koh (1999) 
reveals that not only that first-year student was associated with academic performance, but it also  
determined academic performance the whole three years of student’ studies. The findings of Doran et al 
(1991) was that first-year student has less academic knowledge that other year of study of the students. 
Papageorgiou (2017) found that year of study of the student influenced on the academic performance.  
The communication skills of accounting students in senior year were significantly higher level of than junior 
year (Arquero et al., 2007). Stoner (2009)’s study, based on accounting students’ IT application skills over 
a 10-year period, found that the students’ skills in IT on entry to university have continued to improve 
over time.
 Among previous studies from different disciplines, Bardell et al., (2003) showed that senior year 
medical students seem to have greater knowledge in identifying potential donors. Research conducted by 
Khan et al (2006) assessed the level of knowledge and attitudes regarding health research in a group of 
Pakistani medical students.  The study revealed that the higher the seniority of students in the college their 
knowledge and attitudes improved significantly. The study by Chakradhar, Doshi, Reddy, Kulkarni, Reddy and 
Reddy (2016) showed that first year dental students have higher scores for their knowledge and practice 
compared to other year of training. Rosenthal (2003) suggested that people with more skills spent more 
time to practice. Dorup (2004) studied first year medical students’ internet and computer usage, and their 
attitudes towards information technology. The result found that the skills of students on computers and 
the use of e-mail and internet improved greatly overtime. In order to expand on prior studies, this study 
focuses on knowledge and skills in AI in representing academic performance since the previous studies 
have not really addressed these issues. Thus, this study hypothesizes as follows:

 H1a: Year of study is related to student knowledge in AI.
 H1b: Year of study is related to student skills in AI

 Prior research in accounting discipline indicates that academic performance is different among 
students’ GPA. For instance, the research by Ayob and Selamat (2011) on 44 accounting students from two 
programs, that are Diploma in Accountancy (AC110) and Diploma in Accounting Information System (AC120) 
showed that GPA is positively and significantly related to the score of accounting subject. The elements 
that affect students’ performance in the initial intermediate accounting class were studied by Waples and 
Darayseh (2005) where one of the variables was GPA. The two key factors identified for success in the first 
intermediate accounting class were a solid foundation in fundamental accounting knowledge and a high 
level of academic skill (as measured by cumulative GPA). Another study found that students with high GPAs 
are more skillful in many areas, e.g. studying consciously, participating actively in lessons, and developing 
good reading habits and techniques. They are well prepared for the exams, doing homework, and making 
use of written sources in the libraries, than those whose GPAs are low or medium-level (Tuckman, 2003). 
Pepe (2012) studied about the relationship between student skills and their GPA. It was revealed that the 
students with low GPAs have inadequacies in study skills compared to the students with high GPA. Study 
skills and academic success related positively. The study reveals that students with higher GPAs have higher 
study skills. There is a linear parallelism between study skills and GPA. Bardell, Hunter, Kent and Jain 
(2007)’s studied students with high GPAs who are taught in the same way as students with lower GPAs.  
The study was to prove whether higher GPA students will have higher perceptions of improved cognitive skills.  
The data reveals that there is a significant relationship between GPAs and students’ perceived improvement 
in cognitive skills.
 Among previous studies from different disciplines, Young and Fry (2008) examined the Metacognitive 
Awareness Inventory (MAI) to determine how it relates to broad and single measures of academic achievement 
in college students. Metacognition had two subcomponents which are Metacognitive knowledge and  
metacognitive regulation. The findings were that there was a relationship between GPA and students’ knowledge 
of cognition factor. Also, there is a correlation between GPA and regulation of cognition factor. The study 
by Valdez et al., (2013) assessed the influence of the pre-pharmacy grade point average on knowledge 
retention of second-year pharmacy students. The results show that GPA had significant correlation with 
knowledge retention as determined by examination performance. In order to expand on prior studies, this 
study focuses on knowledge and skills in AI in representing academic performance since the previous studies 
have not really addressed these issues. Thus, this study hypothesizes as follows:

 H2a: GPA is related to student knowledge in AI.
 H2b: GPA is related to student skills in AI

 Prior research in accounting discipline indicates that academic performance is different among 
students’ expected salary. For instance, Smith and Powell (1990) reported data on the expected income 
of senior’s colleges. The male and female respondents had informed expectations about their earnings 
differed sharply with respect to their expectations, where men expected more income than women.  
The study by McMahon and Wagner (1981) revealed that students have a realistic expected salary if they 
complete more years of formal schooling, even if their expected starting salaries do not differ sharply. 
Among previous studies from different disciplines, Schlee and Karns (2017) found that jobs expecting high 
salary shows a better framework in terms of conceptual marketing knowledge that utilizes technology or 
quantitative analysis such as internet marketing, metrics, statistics, budgeting, and forecasting than a lower 
salary. Nabi (2003) found that graduates who are underemployed has a lower opportunity for skill use and 
career experiences. They have less to offer employers, which in return ends up being paid less salaries.  
The study by Schlee and Karns (2017) showed that higher wages are related to database skills and data 
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Conceptual Framework
 Conceptual framework posits that student profiles such as year of study, GPA, and expected salary 
are related to knowledge and skills in AI of accounting students, as depicted in figure 1.

Figure 1: Conceptual Framework
Hypotheses Development
 Prior research in accounting discipline indicates that academic performance is different among  
students’ year of study (Loveday, 1993; Duff, 2004). For instance, a Singapore study, Koh and Koh (1999) 
reveals that not only that first-year student was associated with academic performance, but it also  
determined academic performance the whole three years of student’ studies. The findings of Doran et al 
(1991) was that first-year student has less academic knowledge that other year of study of the students. 
Papageorgiou (2017) found that year of study of the student influenced on the academic performance.  
The communication skills of accounting students in senior year were significantly higher level of than junior 
year (Arquero et al., 2007). Stoner (2009)’s study, based on accounting students’ IT application skills over 
a 10-year period, found that the students’ skills in IT on entry to university have continued to improve 
over time.
 Among previous studies from different disciplines, Bardell et al., (2003) showed that senior year 
medical students seem to have greater knowledge in identifying potential donors. Research conducted by 
Khan et al (2006) assessed the level of knowledge and attitudes regarding health research in a group of 
Pakistani medical students.  The study revealed that the higher the seniority of students in the college their 
knowledge and attitudes improved significantly. The study by Chakradhar, Doshi, Reddy, Kulkarni, Reddy and 
Reddy (2016) showed that first year dental students have higher scores for their knowledge and practice 
compared to other year of training. Rosenthal (2003) suggested that people with more skills spent more 
time to practice. Dorup (2004) studied first year medical students’ internet and computer usage, and their 
attitudes towards information technology. The result found that the skills of students on computers and 
the use of e-mail and internet improved greatly overtime. In order to expand on prior studies, this study 
focuses on knowledge and skills in AI in representing academic performance since the previous studies 
have not really addressed these issues. Thus, this study hypothesizes as follows:

 H1a: Year of study is related to student knowledge in AI.
 H1b: Year of study is related to student skills in AI

 Prior research in accounting discipline indicates that academic performance is different among 
students’ GPA. For instance, the research by Ayob and Selamat (2011) on 44 accounting students from two 
programs, that are Diploma in Accountancy (AC110) and Diploma in Accounting Information System (AC120) 
showed that GPA is positively and significantly related to the score of accounting subject. The elements 
that affect students’ performance in the initial intermediate accounting class were studied by Waples and 
Darayseh (2005) where one of the variables was GPA. The two key factors identified for success in the first 
intermediate accounting class were a solid foundation in fundamental accounting knowledge and a high 
level of academic skill (as measured by cumulative GPA). Another study found that students with high GPAs 
are more skillful in many areas, e.g. studying consciously, participating actively in lessons, and developing 
good reading habits and techniques. They are well prepared for the exams, doing homework, and making 
use of written sources in the libraries, than those whose GPAs are low or medium-level (Tuckman, 2003). 
Pepe (2012) studied about the relationship between student skills and their GPA. It was revealed that the 
students with low GPAs have inadequacies in study skills compared to the students with high GPA. Study 
skills and academic success related positively. The study reveals that students with higher GPAs have higher 
study skills. There is a linear parallelism between study skills and GPA. Bardell, Hunter, Kent and Jain 
(2007)’s studied students with high GPAs who are taught in the same way as students with lower GPAs.  
The study was to prove whether higher GPA students will have higher perceptions of improved cognitive skills.  
The data reveals that there is a significant relationship between GPAs and students’ perceived improvement 
in cognitive skills.
 Among previous studies from different disciplines, Young and Fry (2008) examined the Metacognitive 
Awareness Inventory (MAI) to determine how it relates to broad and single measures of academic achievement 
in college students. Metacognition had two subcomponents which are Metacognitive knowledge and  
metacognitive regulation. The findings were that there was a relationship between GPA and students’ knowledge 
of cognition factor. Also, there is a correlation between GPA and regulation of cognition factor. The study 
by Valdez et al., (2013) assessed the influence of the pre-pharmacy grade point average on knowledge 
retention of second-year pharmacy students. The results show that GPA had significant correlation with 
knowledge retention as determined by examination performance. In order to expand on prior studies, this 
study focuses on knowledge and skills in AI in representing academic performance since the previous studies 
have not really addressed these issues. Thus, this study hypothesizes as follows:

 H2a: GPA is related to student knowledge in AI.
 H2b: GPA is related to student skills in AI

 Prior research in accounting discipline indicates that academic performance is different among 
students’ expected salary. For instance, Smith and Powell (1990) reported data on the expected income 
of senior’s colleges. The male and female respondents had informed expectations about their earnings 
differed sharply with respect to their expectations, where men expected more income than women.  
The study by McMahon and Wagner (1981) revealed that students have a realistic expected salary if they 
complete more years of formal schooling, even if their expected starting salaries do not differ sharply. 
Among previous studies from different disciplines, Schlee and Karns (2017) found that jobs expecting high 
salary shows a better framework in terms of conceptual marketing knowledge that utilizes technology or 
quantitative analysis such as internet marketing, metrics, statistics, budgeting, and forecasting than a lower 
salary. Nabi (2003) found that graduates who are underemployed has a lower opportunity for skill use and 
career experiences. They have less to offer employers, which in return ends up being paid less salaries.  
The study by Schlee and Karns (2017) showed that higher wages are related to database skills and data 
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analytics skills, the same for knowledge of statistical software, data mining, search engine optimization,  
customer relationship management (CRM), BI software, and dashboard software. Marketing graduates with 
these technical skills have a greater possibility of qualifying for higher paying entry-level jobs. In order to  
expand on prior studies, this study focuses on knowledge and skills in AI in representing academic performance 
since the previous studies have not really addressed these issues. Thus, this study hypothesizes as follows:

 H3a: Expected salary is related to student knowledge in AI
 H3b: Expected salary is related to student skills in AI

 Kwafo (2019) studies shows that a higher proportion of the accounting students are prepared to 
learn and embrace AI skills and knowledge. The fundamental skills in database management are acquired 
by most students. The number of students who are unwilling to adopt AI skills and knowledge are few.  
The study by Jafar (2018) discussed soft skills of accounting graduates during their studies, and it revealed 
that to be hired, future accountants need better soft skills. For the accounting students, learning soft skills 
is linked with better intelligence and knowledge. Accountants’ value will be enhanced due to the soft skills, 
which in turn are linked with better employability. Awayiga, Onumah & Tsamenyi (2010) study was based on 
the accounting knowledge and skills required by graduates. The survey was conducted by using accounting 
students and employers. The graduates professional and information technology skills were examined.  
The study revealed that graduates and employers rated analytical/critical thinking and the use of spread 
sheet as the major skills. The two groups had significant differences in the IT skills in word-processing 
and Windows. The study by Sithole (2015) investigated accounting students’ IT skills and knowledge 
relevant to their roles in providing competent and professional services. The research revealed that in 
terms of word-processing and knowledge of communications software skills, students get better training.  
The understanding in accounting packages and spreadsheet ability of accounting graduates yet need  
improvement according to employers. The research by Strong and Portz (2015) revealed that as students 
have been using technologies like word processing, email, internet search and retrieval, image processing 
and electronic presentations from junior high school and therefore are more knowledgeable. Upon entering  
the accounting major, they have skills at these technologies. Among previous studies from different disciplines, 
the research by Hatlevik (2012) results showed that nursing students’ viewpoint of coherence between 
theory and practice is directly influenced by reflective skills and theoretical knowledge, during the initial 
years. The results suggested that reflective thinking is not just a generic skill. It is a skill that is gained from 
relevant professional knowledge and experience. Schlee and Karns (2017) study supports how important it 
is for marketing graduates to obtain knowledge of data analysis (forecasting, marketing research, marketing 
metrics, and statistics) and technology skills. Thus, this study hypothesizes as follow:

 H4: Student knowledge in AI is related to student skills in AI

Research Methodology
 Sample and Data Collection
 This study is empirical research. The target population is all accounting students who study at Thai 
private universities. Data collection was divided into two stages: first stage, using convenience sampling 
to select the universities as we distributed questionnaires to the representatives of each university in the 
meeting of the private university association; second stage, using judgmental sampling by asking those 15 
universities to distribute the questionnaire to their accounting students. Total of questionnaires distributed 
was 500 sets and returned questionnaires was 249 sets, indicating 49.8% as response rate. The reason for 
choosing a private university to study is that it is highly competitive for all private universities. Therefore, 
they must be concerned more a+uality of their given education. Our research results could help them 
design a more competitive curriculum. Another reason for choosing these 15 private universities is that they 
are members of Association of Higher Private Education Institution of Thailand, representing the most active 
private universities in Thailand. For sample size justification, based on (Hair, Anderson, Babin & Black, 2010) 
they suggest using a ratio of 5:1 when using simple statistics to test a hypothesis. Therefore, this study has 
32 item measures in total. The sample size was 249, meeting the requirement.

Table 1: Student Profiles (n = 249)

 The results in table 1 showed that the majority of the respondents are female (84.7%), fourth year 
student (43.8%), with cumulative GPA 3.00-3.50 (32.1%), and expected to earn monthly salary THB 15,000-
20,000 after their graduation (38.6%).

Frequency Percent

Gender Male 38 15.3

Female 211 84.7

Year of study Freshman 35 14.1

Sophomore 34 13.7

Junior 71 28.5

Senior 109 43.8

GPA Less than 2.50 40 16.1

2.50 – 2.99 61 24.5

3.00 – 3.50 80 32.1

Above 3.50 68 27.3

Expected Salary Less than 15,000 7 2.8

15,000 – 20,000 96 38.6

20,001 – 25,000 66 26.5

More than 25,000 80 32.1
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analytics skills, the same for knowledge of statistical software, data mining, search engine optimization,  
customer relationship management (CRM), BI software, and dashboard software. Marketing graduates with 
these technical skills have a greater possibility of qualifying for higher paying entry-level jobs. In order to  
expand on prior studies, this study focuses on knowledge and skills in AI in representing academic performance 
since the previous studies have not really addressed these issues. Thus, this study hypothesizes as follows:

 H3a: Expected salary is related to student knowledge in AI
 H3b: Expected salary is related to student skills in AI

 Kwafo (2019) studies shows that a higher proportion of the accounting students are prepared to 
learn and embrace AI skills and knowledge. The fundamental skills in database management are acquired 
by most students. The number of students who are unwilling to adopt AI skills and knowledge are few.  
The study by Jafar (2018) discussed soft skills of accounting graduates during their studies, and it revealed 
that to be hired, future accountants need better soft skills. For the accounting students, learning soft skills 
is linked with better intelligence and knowledge. Accountants’ value will be enhanced due to the soft skills, 
which in turn are linked with better employability. Awayiga, Onumah & Tsamenyi (2010) study was based on 
the accounting knowledge and skills required by graduates. The survey was conducted by using accounting 
students and employers. The graduates professional and information technology skills were examined.  
The study revealed that graduates and employers rated analytical/critical thinking and the use of spread 
sheet as the major skills. The two groups had significant differences in the IT skills in word-processing 
and Windows. The study by Sithole (2015) investigated accounting students’ IT skills and knowledge 
relevant to their roles in providing competent and professional services. The research revealed that in 
terms of word-processing and knowledge of communications software skills, students get better training.  
The understanding in accounting packages and spreadsheet ability of accounting graduates yet need  
improvement according to employers. The research by Strong and Portz (2015) revealed that as students 
have been using technologies like word processing, email, internet search and retrieval, image processing 
and electronic presentations from junior high school and therefore are more knowledgeable. Upon entering  
the accounting major, they have skills at these technologies. Among previous studies from different disciplines, 
the research by Hatlevik (2012) results showed that nursing students’ viewpoint of coherence between 
theory and practice is directly influenced by reflective skills and theoretical knowledge, during the initial 
years. The results suggested that reflective thinking is not just a generic skill. It is a skill that is gained from 
relevant professional knowledge and experience. Schlee and Karns (2017) study supports how important it 
is for marketing graduates to obtain knowledge of data analysis (forecasting, marketing research, marketing 
metrics, and statistics) and technology skills. Thus, this study hypothesizes as follow:

 H4: Student knowledge in AI is related to student skills in AI

Research Methodology
 Sample and Data Collection
 This study is empirical research. The target population is all accounting students who study at Thai 
private universities. Data collection was divided into two stages: first stage, using convenience sampling 
to select the universities as we distributed questionnaires to the representatives of each university in the 
meeting of the private university association; second stage, using judgmental sampling by asking those 15 
universities to distribute the questionnaire to their accounting students. Total of questionnaires distributed 
was 500 sets and returned questionnaires was 249 sets, indicating 49.8% as response rate. The reason for 
choosing a private university to study is that it is highly competitive for all private universities. Therefore, 
they must be concerned more a+uality of their given education. Our research results could help them 
design a more competitive curriculum. Another reason for choosing these 15 private universities is that they 
are members of Association of Higher Private Education Institution of Thailand, representing the most active 
private universities in Thailand. For sample size justification, based on (Hair, Anderson, Babin & Black, 2010) 
they suggest using a ratio of 5:1 when using simple statistics to test a hypothesis. Therefore, this study has 
32 item measures in total. The sample size was 249, meeting the requirement.

Table 1: Student Profiles (n = 249)

 The results in table 1 showed that the majority of the respondents are female (84.7%), fourth year 
student (43.8%), with cumulative GPA 3.00-3.50 (32.1%), and expected to earn monthly salary THB 15,000-
20,000 after their graduation (38.6%).

Frequency Percent

Gender Male 38 15.3

Female 211 84.7

Year of study Freshman 35 14.1

Sophomore 34 13.7

Junior 71 28.5

Senior 109 43.8

GPA Less than 2.50 40 16.1

2.50 – 2.99 61 24.5

3.00 – 3.50 80 32.1

Above 3.50 68 27.3

Expected Salary Less than 15,000 7 2.8

15,000 – 20,000 96 38.6

20,001 – 25,000 66 26.5

More than 25,000 80 32.1
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 Measurement
 The study of the Cronbach alpha coefficient and the factor analysis have been conducted to ensure 
that the two measures are accurate and appropriate for construction. The Cronbach alpha coefficients 
ranged from 0.842 to 0.953 for all measurements, exceeding 0.7 cut-off point and showing the relatively 
high internal consistence of the items at each measurement.
 The factor analysis (Principal Component) was also conducted to ensure the two measures are 
one-dimensional. The factor loadings in all measurements ranged from 0.595 to 0.867 and the extracted 
variances were between 62.719% and 67.246% showing that all variables specified in each measurement 
loaded on one factor (unidimensional) with an eigenvalue above 1. In order to ensure the appropriate data 
for factor analysis, KMO and Ballet Test of Sphericity were monitored. It has shown satisfactory performance. 
With the relevant Bartlett Sphericity Test (p < 0.01) the KMO varied from 0.826 to 0.958, the data being 
adequate for factor analysis was demonstrated.
 Generally, average variance extracted (AVE) is higher than 0.5 and composite reliability is higher 
than 0.7, indicating that the convergent validity is achieved. The results in table 2 showed that all variables 
in this study have composite reliability above 0.80 and AVE above 0.70 throughout, which shows that the 
latent constructs have a good convergence validity. In addition, SD ranged from 0.860 – 1.051 showing that 
the sample spread is less and close to the mean (more reliable).

Table 2: Descriptive of Measurement

Note: KMO (.826- .958); Variance extracted (62.719- 67.246%); Barlett’s Test of Sphericity are all significant at p value = .000

 The results in table 3 presented that student knowledge and student skills in AI were assessed for 
discriminant validity, indicating the extent in which the construct differ from one another statistically by 
using Fornell and Larcker (1981). As seen, the correlation value between knowledge and skills in AI was 
0.191, which is significant at 0.01 level (2-tailed), was lower than the square root average variance extracted 
(AVE) of knowledge (0.886) and skills (0.914) where the cut-off point value was higher than 0.70, indicating 
that knowledge and skills in AI were different construct.

Table 3: Discriminant Validity

Note: **correlation is significant at the 0.01 level (2-tailed). *correlation is significant at the 0.05 level (2-tailed). The value on the 
diagonal is square root AVE.

Constructs Factor Loadings Means SD

Student Knowledge in AI
( = .842, AVE=.786, CR=.892)

.595-.867 3.024-3.556 .906-1.051

Student Skills in AI
( = .953, AVE=.836, CR=.982)

.775-.866 3.827-4.290 .860-.969

Knowledge Skills

Knowledge .886

Skills .191** .914

 Data Analysis and Results 
 The primary objective of this study was to examine the relationship between accounting student  
profile and their knowledge and skills in AI. Analysis of variance (ANOVA) was used to examine the  
relationship between independent variables and the dependent variables.  The significance of the results 
is indicated by p-value, where the p value is less than 0.05, there is a significant relationship between the 
independent variable and dependent variable. The summary of the results showed in table 4 - 6.

 For H1a, there was a statistically significant difference in means of knowledge in AI score among  
students with different year-of-study as indicated by one-way ANOVA (F value = 9.187, p = .000) with unequal  
variance assumed (Levene statistic = 11.057, p value = .000). A Dunnett T3 post hoc test showed that the 
freshy group has knowledge in AI statistically significantly lower than the sophomore group (p = .003), than  
the junior groups (p = .003), and than the senior group (p = .000). For H1b, there was no statistically significant 
difference in means of skills in AI score among students with different year-of-study as shown by one-way  
ANOVA (F value = .092, p = .964). Therefore, the results showed that there is a significant relationship  
between year-of-study and student knowledge in AI (H1a) but not with skills in AI (H1b).

 For H2a, there was no statistically significant difference in means of knowledge in AI score among 
students with different GPA as indicated by one-way ANOVA (F value = .976, p = .405). For H2b, there 
was a statistically significant difference in means of skills in AI score among students with different GPA as  
evaluated by one-way ANOVA (F value = 8.646, p = .000) with unequal variance assumed (Levene statistic 
= 2.765, p value = .043). A Dunnett T3 post hoc test showed that the students with GPA higher than 3.5 
had skills in AI statistically significantly higher than the students with GPA less than 2.50 (p = .000), than 
the students with GPA between 2.50-2.99 (p = .001), and than the students with GPA between 3.00-3.50  
(p = .004). Therefore, the results revealed that there is a significant relationship between GPA and student 
skills in AI (H2b) but not with knowledge in AI (H2a).

 For H3a, there was a statistically significant difference in means of knowledge in AI score among 
students with different expected salary as tested by one-way ANOVA (F value = 3.751, p = .012) with equal 
variance assumed (Levene statistic = 2.648, p value = .073). A Scheffe post hoc test showed that the  
students with expected salary between 20,000-25,000 has knowledge in AI statistically significantly higher  
than the students with expected salary higher than 25,000 (p = .028), but not with the students with  
expected salary less than 20,000 (p = .075). For H3b, there was a statistically significant difference in 
means of skills in AI score among students with different expected salary as evaluated by one-way ANOVA  
(F value = 3.421, p = .018) with equal variance assumed (Levene statistic = .520, p value = .595). A Scheffe 
post hoc test showed that the students with expected salary less than 20,000 have skills in AI statistically 
significantly lower than the students with expected salary between 20,000-25,000 (p = .009), but not with 
the students with expected salary more than 25,000 (p = .416). Therefore, the results showed that there 
is a significant relationship between expected salary on both student knowledge and student skills in AI 
(H3a and H3b).
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 Measurement
 The study of the Cronbach alpha coefficient and the factor analysis have been conducted to ensure 
that the two measures are accurate and appropriate for construction. The Cronbach alpha coefficients 
ranged from 0.842 to 0.953 for all measurements, exceeding 0.7 cut-off point and showing the relatively 
high internal consistence of the items at each measurement.
 The factor analysis (Principal Component) was also conducted to ensure the two measures are 
one-dimensional. The factor loadings in all measurements ranged from 0.595 to 0.867 and the extracted 
variances were between 62.719% and 67.246% showing that all variables specified in each measurement 
loaded on one factor (unidimensional) with an eigenvalue above 1. In order to ensure the appropriate data 
for factor analysis, KMO and Ballet Test of Sphericity were monitored. It has shown satisfactory performance. 
With the relevant Bartlett Sphericity Test (p < 0.01) the KMO varied from 0.826 to 0.958, the data being 
adequate for factor analysis was demonstrated.
 Generally, average variance extracted (AVE) is higher than 0.5 and composite reliability is higher 
than 0.7, indicating that the convergent validity is achieved. The results in table 2 showed that all variables 
in this study have composite reliability above 0.80 and AVE above 0.70 throughout, which shows that the 
latent constructs have a good convergence validity. In addition, SD ranged from 0.860 – 1.051 showing that 
the sample spread is less and close to the mean (more reliable).

Table 2: Descriptive of Measurement

Note: KMO (.826- .958); Variance extracted (62.719- 67.246%); Barlett’s Test of Sphericity are all significant at p value = .000

 The results in table 3 presented that student knowledge and student skills in AI were assessed for 
discriminant validity, indicating the extent in which the construct differ from one another statistically by 
using Fornell and Larcker (1981). As seen, the correlation value between knowledge and skills in AI was 
0.191, which is significant at 0.01 level (2-tailed), was lower than the square root average variance extracted 
(AVE) of knowledge (0.886) and skills (0.914) where the cut-off point value was higher than 0.70, indicating 
that knowledge and skills in AI were different construct.

Table 3: Discriminant Validity

Note: **correlation is significant at the 0.01 level (2-tailed). *correlation is significant at the 0.05 level (2-tailed). The value on the 
diagonal is square root AVE.

Constructs Factor Loadings Means SD

Student Knowledge in AI
( = .842, AVE=.786, CR=.892)

.595-.867 3.024-3.556 .906-1.051

Student Skills in AI
( = .953, AVE=.836, CR=.982)

.775-.866 3.827-4.290 .860-.969

Knowledge Skills

Knowledge .886

Skills .191** .914

 Data Analysis and Results 
 The primary objective of this study was to examine the relationship between accounting student  
profile and their knowledge and skills in AI. Analysis of variance (ANOVA) was used to examine the  
relationship between independent variables and the dependent variables.  The significance of the results 
is indicated by p-value, where the p value is less than 0.05, there is a significant relationship between the 
independent variable and dependent variable. The summary of the results showed in table 4 - 6.

 For H1a, there was a statistically significant difference in means of knowledge in AI score among  
students with different year-of-study as indicated by one-way ANOVA (F value = 9.187, p = .000) with unequal  
variance assumed (Levene statistic = 11.057, p value = .000). A Dunnett T3 post hoc test showed that the 
freshy group has knowledge in AI statistically significantly lower than the sophomore group (p = .003), than  
the junior groups (p = .003), and than the senior group (p = .000). For H1b, there was no statistically significant 
difference in means of skills in AI score among students with different year-of-study as shown by one-way  
ANOVA (F value = .092, p = .964). Therefore, the results showed that there is a significant relationship  
between year-of-study and student knowledge in AI (H1a) but not with skills in AI (H1b).

 For H2a, there was no statistically significant difference in means of knowledge in AI score among 
students with different GPA as indicated by one-way ANOVA (F value = .976, p = .405). For H2b, there 
was a statistically significant difference in means of skills in AI score among students with different GPA as  
evaluated by one-way ANOVA (F value = 8.646, p = .000) with unequal variance assumed (Levene statistic 
= 2.765, p value = .043). A Dunnett T3 post hoc test showed that the students with GPA higher than 3.5 
had skills in AI statistically significantly higher than the students with GPA less than 2.50 (p = .000), than 
the students with GPA between 2.50-2.99 (p = .001), and than the students with GPA between 3.00-3.50  
(p = .004). Therefore, the results revealed that there is a significant relationship between GPA and student 
skills in AI (H2b) but not with knowledge in AI (H2a).

 For H3a, there was a statistically significant difference in means of knowledge in AI score among 
students with different expected salary as tested by one-way ANOVA (F value = 3.751, p = .012) with equal 
variance assumed (Levene statistic = 2.648, p value = .073). A Scheffe post hoc test showed that the  
students with expected salary between 20,000-25,000 has knowledge in AI statistically significantly higher  
than the students with expected salary higher than 25,000 (p = .028), but not with the students with  
expected salary less than 20,000 (p = .075). For H3b, there was a statistically significant difference in 
means of skills in AI score among students with different expected salary as evaluated by one-way ANOVA  
(F value = 3.421, p = .018) with equal variance assumed (Levene statistic = .520, p value = .595). A Scheffe 
post hoc test showed that the students with expected salary less than 20,000 have skills in AI statistically 
significantly lower than the students with expected salary between 20,000-25,000 (p = .009), but not with 
the students with expected salary more than 25,000 (p = .416). Therefore, the results showed that there 
is a significant relationship between expected salary on both student knowledge and student skills in AI 
(H3a and H3b).
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 The results from a Scheffe post hoc test as explained in detail above have been shown in table 5

Table 5: Hypotheses Testing Results for H1-H3
 (ANOVA with Multiple Comparisons level of Knowledge and Skills)

 For H4, simple regression analysis was used to examine the relationship between student knowledge 
and student skills in AI. The t value = 3.056, p-value = .002 support the hypothesis, indicating that there is 
significant relationship between student knowledge in AI and their skills in AI.

Table 4: Hypotheses Testing Results for H1-H3 (ANOVA)

Hypotheses F value p value Results

H1a Year     Knowledge 9.187 .000 Supported Hypothesis

H1b Year     Skills .092 .964 NS

H2a GPA     Knowledge .976 .405 NS

H2b GPA     Skills 8.646 .000 Supported Hypothesis

H3a Expected salary     Knowledge 3.751 .012 Supported Hypothesis

H3b Expected Salary     Skills 3.421 .018 Supported Hypothesis

Hypothesis Categories Knowledge Skills Conclusion

H1a-H1b Freshman 2.709

NS

Freshman has significantly less  
knowledge in AI than other groups.Sophomore 3.282

Junior 3.365

Senior 3.442

H2a-H2b Less than 2.50

NS

3.693 Students who have GPA less than 2.50 
have significantly less skills in AI than stu-
dents who have GPA more than 2.50

2.50-2.99 3.870

3.00-3.50 3.953

More than 3.50 4.342

H3a-H3b Less than 20,000 3.344 3.834 Students who expect salary less than 
20,000 have less knowledge and skills 
in AI than students who expect salary 
between 20,000-25,000

20,000-25,000 3.424 4.203

More than 
25,000

3.088 4.037

Table 6: Hypotheses Testing Results for H4 (Simple regression analysis)

Note: R square = 3.60%; F value = 9.342 at p value = .002; Durbin-Watson value = 1.668

Findings and Discussion
 The survival of accounting profession continues to be threatened by Artificial Intelligence.  
With many years of education and practice, it disturbs the accounting professionals. Technology  
development and innovations affects the daily life of people. Society generally has the tendency to refuse  
to change from comforts that have been following traditionally. But the reality is that for the society,  
the use of internet is unavoidable. The future of technologies is for those who are ready to acquire the skills 
and knowledge required for it, by paying the price. Gaining the right knowledge and skills for the future is a 
result of their preparation. Twenty-first-century education is very demanding. Graduates are groomed based 
on curriculum, management and instruction. Therefore, Digital changes and global technology must be 
taken into consideration. The graduates’ skills and competency in using electronic hardware and software 
to a very high extent contributes to the fame of the university and accounting program.
 This study aimed to examine the relationship between accounting student profiles and their knowledge  
and skills in AI. The results of this study illustrated that year of the study was related to knowledge in AI 
which was in accordance with the prior studies (Bardell, et al., 2003; Khan, et al., 2006), GPA was related to 
skills in AI which was in accordance with the prior studies (Pepe, 2012; Bradley, et al., 2007) and expected 
salary was related to knowledge and skills in AI which were related to previous studies (Schlee & Karns, 
2017; Nabi, 2003), and lastly student knowledge in AI has significant relationship to student skills in AI which 
was also consistent with the previous studies (Hatlevik, 2012; Strong & Portz, 2015).
 Although the study did not find the relationship between year of the study with skills in AI, it was 
not consistent with previous findings (Davis & Nicholaou, 1992; Odusanya & Bamgbala, 2002). Davis and  
Nicholaou (1992) found that the senior students' skills had increased over the course of their studies. Odusanya  
and Bamgbala (2002) also found that the majority of senior years students have little computing skills 
comparing to the junior year’s students. However, in the study of Chakradhar et al. (2016), although they 
found that first-year students have more knowledge and skills compared to students in other years when 
look at each question (item measure), they did not find any significant difference of the mean knowledge 
and skill scores based on year of study. The possible reason of no link between year of study and IT skills 
could be that the students who possess more IT skills need to have self-discipline since it requires more 
practice regardless of their year of study, as stated in Stoner’s (2009) study. Similar to the previous findings 
(Young & Fry, 2008; Valdez et al., 2013) that there was no relationship between GPA and knowledge in AI.  
The potential cause of no relationship could be, even if grades were lower they still worked hard and were 
very much motivated, which leads to their personal and academic growth. GPA does not determine a person’s 
intelligence or how hard working a student is. They might have started by taking difficult subjects. Students 
might have spent more time and effort in completing assignments at their best. With lesser grade point 
also has potential to perform well in their workplace and take it to the next level. To measure the ability 
of a student or the smartness of a student for college, GPA is not considered as a perfect measuring scale.

Hypotheses Standardized 
Coefficient

t value p value Results

H4: Knowledge     Skills .191 3.056 .002 Support hypothesis
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 The results from a Scheffe post hoc test as explained in detail above have been shown in table 5

Table 5: Hypotheses Testing Results for H1-H3
 (ANOVA with Multiple Comparisons level of Knowledge and Skills)

 For H4, simple regression analysis was used to examine the relationship between student knowledge 
and student skills in AI. The t value = 3.056, p-value = .002 support the hypothesis, indicating that there is 
significant relationship between student knowledge in AI and their skills in AI.

Table 4: Hypotheses Testing Results for H1-H3 (ANOVA)

Hypotheses F value p value Results

H1a Year     Knowledge 9.187 .000 Supported Hypothesis

H1b Year     Skills .092 .964 NS

H2a GPA     Knowledge .976 .405 NS

H2b GPA     Skills 8.646 .000 Supported Hypothesis

H3a Expected salary     Knowledge 3.751 .012 Supported Hypothesis

H3b Expected Salary     Skills 3.421 .018 Supported Hypothesis

Hypothesis Categories Knowledge Skills Conclusion

H1a-H1b Freshman 2.709

NS

Freshman has significantly less  
knowledge in AI than other groups.Sophomore 3.282

Junior 3.365

Senior 3.442

H2a-H2b Less than 2.50

NS

3.693 Students who have GPA less than 2.50 
have significantly less skills in AI than stu-
dents who have GPA more than 2.50

2.50-2.99 3.870

3.00-3.50 3.953

More than 3.50 4.342

H3a-H3b Less than 20,000 3.344 3.834 Students who expect salary less than 
20,000 have less knowledge and skills 
in AI than students who expect salary 
between 20,000-25,000

20,000-25,000 3.424 4.203

More than 
25,000

3.088 4.037

Table 6: Hypotheses Testing Results for H4 (Simple regression analysis)

Note: R square = 3.60%; F value = 9.342 at p value = .002; Durbin-Watson value = 1.668

Findings and Discussion
 The survival of accounting profession continues to be threatened by Artificial Intelligence.  
With many years of education and practice, it disturbs the accounting professionals. Technology  
development and innovations affects the daily life of people. Society generally has the tendency to refuse  
to change from comforts that have been following traditionally. But the reality is that for the society,  
the use of internet is unavoidable. The future of technologies is for those who are ready to acquire the skills 
and knowledge required for it, by paying the price. Gaining the right knowledge and skills for the future is a 
result of their preparation. Twenty-first-century education is very demanding. Graduates are groomed based 
on curriculum, management and instruction. Therefore, Digital changes and global technology must be 
taken into consideration. The graduates’ skills and competency in using electronic hardware and software 
to a very high extent contributes to the fame of the university and accounting program.
 This study aimed to examine the relationship between accounting student profiles and their knowledge  
and skills in AI. The results of this study illustrated that year of the study was related to knowledge in AI 
which was in accordance with the prior studies (Bardell, et al., 2003; Khan, et al., 2006), GPA was related to 
skills in AI which was in accordance with the prior studies (Pepe, 2012; Bradley, et al., 2007) and expected 
salary was related to knowledge and skills in AI which were related to previous studies (Schlee & Karns, 
2017; Nabi, 2003), and lastly student knowledge in AI has significant relationship to student skills in AI which 
was also consistent with the previous studies (Hatlevik, 2012; Strong & Portz, 2015).
 Although the study did not find the relationship between year of the study with skills in AI, it was 
not consistent with previous findings (Davis & Nicholaou, 1992; Odusanya & Bamgbala, 2002). Davis and  
Nicholaou (1992) found that the senior students' skills had increased over the course of their studies. Odusanya  
and Bamgbala (2002) also found that the majority of senior years students have little computing skills 
comparing to the junior year’s students. However, in the study of Chakradhar et al. (2016), although they 
found that first-year students have more knowledge and skills compared to students in other years when 
look at each question (item measure), they did not find any significant difference of the mean knowledge 
and skill scores based on year of study. The possible reason of no link between year of study and IT skills 
could be that the students who possess more IT skills need to have self-discipline since it requires more 
practice regardless of their year of study, as stated in Stoner’s (2009) study. Similar to the previous findings 
(Young & Fry, 2008; Valdez et al., 2013) that there was no relationship between GPA and knowledge in AI.  
The potential cause of no relationship could be, even if grades were lower they still worked hard and were 
very much motivated, which leads to their personal and academic growth. GPA does not determine a person’s 
intelligence or how hard working a student is. They might have started by taking difficult subjects. Students 
might have spent more time and effort in completing assignments at their best. With lesser grade point 
also has potential to perform well in their workplace and take it to the next level. To measure the ability 
of a student or the smartness of a student for college, GPA is not considered as a perfect measuring scale.

Hypotheses Standardized 
Coefficient

t value p value Results

H4: Knowledge     Skills .191 3.056 .002 Support hypothesis
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Implication and Future Research
 Implication
 Contribution of this research to accounting students, accounting lecturers and accounting program 
faculty members in the following aspects:
 1 For Accounting Students: Although this study found that accounting students’ AI knowledge gradually  
developed during their studies, students should aim for more AI knowledge outside the classroom as it 
will make them more competitive in the labor market. Likewise, this study found students with high GPA 
have more skills in AI. This finding could help students with low GPA be aware of what skill they lack so 
they could seek more practice. Moreover, the relationships between expected salary and IT knowledge 
and skills demonstrated that students who have the highest IT knowledge and skills expect a reasonable 
salary. This result could encourage students with high expectations of salary to gain more IT knowledge 
and develop more IT skills if they want to have a high salary. Lastly, the finding about the relationship 
between knowledge and skills in AI could help students plan their studies if they would like to have more 
skills in AI for a prosperous future.
 2 For Accounting Lecturers: The findings could help them develop the contents of teaching, workshop, 
and practice in using computer and IT equipment which used in accounting, auditing, and related  
business job. The higher year of studying, the more and deeper detail in accounting information system and  
application. More senior and maturity of students, the better understanding in knowledge in AI. In addition, 
the high level of students’ knowledge which be represented by year of their study, the more skills in AI 
that students earned through their GPA. Lecturers will be able to pay more attention to students with low 
GPA and give more assignments and more attention to improve their skills. Accounting lecturers not only  
teach accounting concepts, but they also have a role in developing students’ moral and interpersonal skills. 
Increase the confidence of students with less expectation of salary in terms of setting them up for a good 
career, increasing their attractiveness to employers, and equipping them with skills and qualities that 
employers value. Lecturers should encourage students to explore career options early, with a focus on 
researching educational requirements and expected salaries for careers in the accounting field.
 3 For Accounting Program Faculty Members: The findings could help people who are responsible 
for curriculum development implemented the digital accounting, auditing, taxation, and related business 
in the curriculum. Furthermore, acquired modern and advanced software and hardware used in teaching 
and learning to enhance and improve student knowledge and skills in AI. For example, this study’s finding 
illustrates that students gradually develop their knowledge in AI during their studies, which confirms that the 
curriculum was designed appropriately so that the administrators could follow this direction when designing  
the curriculum. Another finding relating to GPA and skills in AI was the administrators could provide appropriate 
AI training skills for students with low GPA so that they could keep up with other groups. In addition,  
the administrators could provide knowledge about job interviews and job searching to prepare students 
for the real world. Finally, the administrators could design the courses by incorporating AI knowledge and 
skills based on the link between AI knowledge and AI skills.

 Future Research
 The results of this report suggest a range of further areas of research. The scope of research was 
limited only to a sample of accounting students. In order to get complete feedback from all stakeholders, 
the future research recommend expanding the scope by using sample from accounting lecturers and  
employers who will hire and use the accounting graduated.
 This research only studied personal factors, according to social cognitive theory, thus, environmental 
factors and behaviors are suggested for future research. In addition, curriculum or subjects that would help 
students gain more knowledge and skills in AI could also be interesting variables for future research.
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Implication and Future Research
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