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THE STUDENTS’ LEARNING STYLE ANALYSIS ON STUDENTS’ SENIOR PROJECT
BY USING DATA MINING
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ABSTRACT
The suitable learning management for students’ learning style plays an
important role in teaching and learning. This paper aimed to analyze the students’

learning styles which were the students from undergraduate students from Information
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and Production Technology Management Department by using the David Kolb’s
learning styles. The data mining techniques was exercised and Wega program was used
as the analysis program. The data analyzed by using a Rule Based Classification with
Decision Table , Jrip and PART simulation model and Decision Tree Classification with
LMT model, J48 model and Random Tree simulation model. The analyzed data of the
students’ learning style found that Decision Tree method in Random tree simulation
model gave the most accuracy (100%). The result using these models showed that
students had converger learning style. Meanwhile, Rule Based method: PART
simulation model also provided the same result having accuracy (84.12%). However,
when the data was divided based on sex and students’ academic year, it was found
that female students had converger learning style; male students had diverger learning
style. When students’ academic year was considered, it was found that male students
had converger learning style which can be concluded that the male students’ learning
style suit for the production and information technology related senior project which
emphasize in critical thinking regarding production simulation and software creation.
The female students’ learning style was converger which was proper for the
management related senior project emphasize in abstract thinking, experimental

planning and applying theory to enhance the workforce efficiency.
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